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2.9 Exercises

Exercise 2.1
a. ETS(A,Aq,N)
ye =Lli1 + Pb_1 + &4

by =Ly 1+ Pby_1 + agy
by = ¢bi_1 + Bey

b.
Ty = [@t bt]l
Yi = [1 ¢} Ti—1 + €t
ey Joree
0 ¢ B
w(xi—1) = [1 ¢} Ti_q r(xi—1) =1
f(xtfl) = [(1) z] L1 g(iﬂtq) = {g]
c. ETS(A,ALA)

Ye =L 1+bi 1+ 8 m+e
by =01 4+ b1 + aey

by = bi—1 + Bey

St = St—m + V€L

Yt = [1 1 1] Ti—1+ €&
1 1 0 a
;= (0 1 O|xi_1+ |08 e
0 0 1 ¥
wwi—1)=[1 1 1]z r(x,_ 1) =1
1 1 0 «
flxi—1) =10 1 0| x4 g(xe_1) = | B
0 0 1 y



d. ETS(M,Aq,N)

Y = (le—1 + dbi—1)(1 + &¢)
by = (b—1 + bi—1)(1 + agy)
by = ¢bi—1 + B(le—1 + Pbi—1)ey

Ty = Vt bt}/
Yy = [1 Qﬂ i1 (1 +e)

Ty = B z] @+ [1 1]y [g} Et

w(wi_1) =[1 ¢| @i r(xi—1) =[1 ¢| @iy
flxiq) = [(1) z Ty gl@i_1) =1 ¢z [g}
e. ETS(M,Aq,A)
Yt = (l—1 + Pbs 1 + 5¢—m) (1 + &¢)
by =Lli—1+ Pbe_1 + (b1 + Pby_1 + 54—m)ey
by = ¢bi_1 + B(li—1 + Pbi—1 + 5t—m et
8¢ = St—m + V(=1 + Pbr—1 + St—m)es
i
wt—[gt by st St—1 ... St—my2 Stferl}
ye=[1 ¢ 0 0 . 0 1]a1(l+e)
1 6 0 0 0 0] o]
0 ¢ 0 0 0 0 3
00 0 0 01 5
z, =0 0 10 0 0la, v+t ¢ 00 ... 0 1z |0
0 0 0 1 0 0 0
0000 1 0] 0]
'w(ar:t_l):[l o 0 0 . 0 1]1:t_1 r(wt_l)z[l ¢ 0 0 ... O l]xt_l
(1 ¢ 0 0 0 0]
0 ¢ 0 0 0 0
0 0 0 O 0 1
f(mtfl): 8 8 (1) (1) 8 8 L1 g(iL‘t,1>=[1 QZS 0 0 ... 0 l]wt,1
0 0 0 0 1 0]

SO WL




Exercise 2.2
a. ETS(A,N,N)

yr = L1 + &
by =01+ gy

Gey1e = Elyesr | @] = Bl + 1 | @] = B[l | @] = 4,
Uirolt = Elyera | ] = E[liy1 + g2 | @] = Ellyy1 | @] = £,

Uernlt = Blyeen | ] = E[lipn—1 +eeqn | 2] = E[lirn_1 | @] = 4

Vprpe = var(yes1 | @) = var(ly + epq1 | ) = var(epy | @) = 0°
Vpape = var(yeqe | ) = var(beyq +erq2 | @) = var(ly + a1 + €42 | x4)
=(1+a?)o?

Vigale = var(yeys | ) = var(leqo + €143 | @) = var(ly + aep 1 + agppo + 43 | @)
=a?0? + a*0? + 0% = (1 + 2a%)0?

Vipnle = Var(Yepn | Te) = [1 + (h— 1)a2] o?
b. ETS(A,AN)

Yo = b1+ bi_1&¢
by =01 +b_10g
by = by_1 + Bey

U1t = Elysr1 | @] = Elly + b + €441 | 2] = E[l 4+ bs | @] = €4 + b;
U2t = Elyera | @] = Ellsy1 4 bey1eeqa | @] = €y + by + by = £y + 20,
Uernlt = Blyern | ) = E[liyn—1 +beyn1 +een | ] = £ + hby
Vi1t = var(yH_l | mt) = var(&g + bt + €441 | :Bt) = 0'2
Vgl = var(yeyo | @) = var(leq1 + bep1 + g2 | @) = var(ly + by + agr1 + by + Bery1 + €42 | x4)
= (a+B)*0* + 0% = [1+ ((a + B)*0o
Veysle = var(yers | @) = var(liyz + bevo + €143 | @)
= var(ley1 + b1 + agppo + b1 + Bepyo + 43

= var[ly + by + agep1 + 2(by + Pert1) + agpo + Berio +Ey3)
= var[(a+ 28)et41 + (a + B)etr2 + €t3)

2
=1+ (@+p)?+(a+28)%0% = [1+ > (a+jBY)]| o
j=1

Vepnlt = 1+Z(Oz+j52) o’



c. ETS(M,N,N)

yr = li—1(1+ &)
ét = gt_l(l + Oée’ft)

Grr1/n = Elyes1 | @] = E[6(1 +ep1) | ] = 4
Gera/n = Elyerz | @] = E[lep1(1 +e42) | @] = E[le(1 + &141)(1 + e42)] = &

f/t+h/h = E[yt+h | aft] =l

Vpprge = var(yeyr | @) = var(b(1 + ep41) | @) = (70
Vipope = var(yeyo | @) = var(lep1 (1 +ep42) | @) = var[ly(1 + agpy1)(1 +e442) | @)
= Civar[(1 + agpi1) (1 + ep40)]
::gfvarﬂ»+’a5t+l + &tq0 + aEr16149]
= Z[a®var(esq1) 4 var(esy2) + a®var(esy16¢49) + 20%cov(er 1, Erp16t42) + 20cov(Erta, Er116442)]
= 2[a?0? + 0% + a*0?0?]

=41+ a0®)(1+0%) — 1]

Exercise 2.3

> (bonds.ets <- ets(bonds))
ETS(A,Ad,N)

Call:
ets(y = bonds)

Smoothing parameters:
alpha = 0.9999
beta = 0.1608
phi =0.8

Initial states:
1 5.5163
b 0.2967

sigma: 0.2394

AIC AICc BIC
256.1641 256.6683 270.3056

> (usnet.ets <- ets(usnetelec))
ETS(M,Md,N)

Call:
ets(y = usnetelec)

Smoothing parameters:
alpha = 0.9999
beta = le-04
phi 0.9638

Initial states:
1 = 262.6421
b =1.1238



sigma: 0.0236

AIC AICc BIC
628.1943 629.4188 638.2310

> (ukc.ets <- ets(ukcars))
ETS(A,N,A)

Call:
ets(y = ukcars)

Smoothing parameters:
alpha = 0.6267
gamma = 2e-04

Initial states:
1 = 338.4757
s=-0.5313 -45.3246 20.6084 25.2476

sigma: 25.3264

AIC AICc BIC
1276.592 1277.385 1292.957

> (visit.ets <- ets(visitors))
ETS(M,A,M)

Call:
ets(y = visitors)

Smoothing parameters:
alpha = 0.6244
beta = le-04
gamma = 0.1832

Initial states:
1l = 86.3534
b = 2.0306
s=0.942 1.076 1.0515 0.9568 1.3621 1.1157
1.011 0.8294 0.9336 1.0017 0.8649 0.8554

sigma: 0.0515

AIC AICc BIC
2598.193 2600.632 2653.883



Exercise 2.4

> forecast(bonds.ets,h=4,level=80)
Point Forecast Lo 80 Hi 80

Jun 2004
Jul 2004
Aug 2004
Sep 2004

4.791887 4.485047 5.098727
4.865425 4.364764 5.366085
4.924255 4.266113 5.582396
4.971319 4.172657 5.769980

> forecast(usnet.ets,h=4,level=80)
Point Forecast Lo 80 Hi 80

2004
2005
2006
2007

3905.517 3789.206 4026.131
3963.887 3793.446 4133.019
4020.971 3804.828 4224.363
4076.769 3829.443 4314.189

> forecast(ukc.ets,h=4,level=80)

Point
2005 Q2
2005 Q3
2005 Q4
2006 Q1

Forecast Lo 80 Hi 80
426.8056 394.3485 459.2626
360.8705 322.5657 399.1753
405.6569 362.2828 449.0310
431.4437 383.5363 479.3510

> forecast(visit.ets,h=4,level=80)
Point Forecast Lo 80 Hi 80

May 2005
Jun 2005
Jul 2005
Aug 2005

361.1182 337.3021 384.9342
396.1179 365.3447 426.8912
494.4950 451.0785 537.9114
428.0406 386.6065 469.4748
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3.6 Exercises
Exercise 3.1
For the ETS(A,N,N) model,
Yo =1 + &
ét = ét_1 + agy

and @; = l;_1. Therefore w =1, F=1,g=acand D=F —gw' =1— a.

Forecastability
cj=w'Dlg=a(l—a)!
and a; =w' D" ey = (1 — ) 1.
oo
When o = 0, a; = ¢y and ¢; = 0. Therefore ) |¢;| = 0 and tlim a; = £y, and so the process is
=1 —00
forecastable.
When o« = 2, a; = (—l)t_léo which does not converge as t — oo and so the process is not
forecastable.
Stationarity

dt = ’w/Ft_le = f()
ki =w'Fi~'g=aq, j>1,
(oo}
and ko = 1. So for stationarity, we require Y |k;| < oo.
j=0

When a =0, k; =0 for all j > 1 and so the process is stationary.

When a = 2, k; =2 for all j > 1 and so the process is not stationary.



Exercise 3.2

[This question should have read “forecastable” rather than “stable”.]

The local level with drift model is

Yo =Lli_1 + b+
by =b+ Vb1 + ascy.
Variable: z; ; =y, — bt: This can be written in state space form as
21t =01+ b1 — w1 + &4
by =bi1 + 41 + agy
by = by_1

Up = U1 + b1

where byp = b and ug = b. Therefore, @y = (¢;, b, us)’, w = (1,1,-1)", g = (,0,0)’,

1 1 0 l—-a 1—-a «
F=|01 0|, D=F—guw = 0 1 0
0 1 1 0 1 1

(I—a)f (k—1)+(1-a)f 1-01—a)kt
and DF = 0 1 0
0 k 1
Therefore w'D* = [(1 - a)*, (1 - a)*, —(1 - a)k“]/, a; =w' D" lzyg — 0, and ¢; = w' DI lg =
a(l—a)l = If 0 < a < 2, then 372, |¢;] is finite and so z; 4 is forecastable.
Similarly, d; = w'F'"lzg = {y and k; = w'Fi~'g = o for j > 1. So > =0 k| is infinite and z1

is not stationary.

Variable: 23 = y; — y:—1: This can be written in state space form as
zog =Lli—1 — U1 + &y
by =br1 4+ b1 + agy
by = by

up =Lli—1+ e

where by = b. Therefore, x; = (¢4, bs,ut)’, w = (1,0,-1), g = (o, 0,1),

1 1 0 l—-a 1 «
F=[0 1 0| and D=F —gw' = 0 10
1 0 0 0 0 1
Thus
1-a)* 1-(1-a)/a 1-(1-a)
DF = 0 1 0
0 0 1

Therefore w' D* = [(1 —a)k, [1 = (1 —a)F]/a, — (1 - a)k]/, ar = w' D" lxy — by/a, and ¢; =
w'DI7lg = —(1—a)’. So for 0 < o < 2, 3372 |¢] is finite and 2y, is forecastable.

Similarly, d; = w'Flzg = ) — ug and k; = w'Fi~'g =0 for j > 2. So Z;io |k;| is finite and
z1,4+ 1s stationary.



Exercise 3.3

Yo =L + &

=l o+ ag_1+¢g

t—1
=Vly+e + Zaet_j
j=1
Therefore
E(y: | £o) = 4o
and

Var(y; | £o) = 0% + (t — 1)a?0? = [1 + (t — 1)a?]o?.

[Note that the book has a typo here and replaces o? by (3.]

Exercise 3.4
ETS(A,Aq,N)

Yr = Li1 + dby_1 + &4
by =Ly + Pby_1 + gy
by = ¢bs_1 + Pey

Therefore @y = (b;—1,bi—1), wy = (1,9)', F = [(1) z] , g = [g , and

1 oel Ja [1-a ¢(1-a)
D:F_gw:[o QJ‘M Lel=] 5 ¢(1—ﬂ)]'

To find the eigenvalues of D, we must solve:

—a—X  ¢(1l—-a)

1
det(DI)\)det[ 5 o(1— B) — A

1(10&A)(¢(15)>\)+B¢(10¢)0

Therefore
A= Ap(1=5)+ (1 —a)+¢(1 —a) =0,

and

L (1— 6 -8)x V[T=a) + o= PP~ 16— a)
g |
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Exercise 4.1

Additive Model ETS(A,N,N)

Yt = Ti—1+ &
Ty = Ty—1 + Q&g

Therefore

V(yr | o) = V(zo + €1 | 20) = 03

)=

V(yz | x0) = V(z1 + €2 | 20) = V(2o + ac1 + €2 | 20)
= a0l +oh = (1+a%)0}

V(ys | 20) = V(22 + €3 | 20) = V(21 + ez + €3 | 7o)
= V(zg + aey + ags + €3 | x0)
=a?0% + 20} + 0% = (14 2a%)0%

V(ys | 20) = V(zs_1 +e¢ | 20) = [1 + (t — 1)a?]o}
Multiplicative Model ETS(M,N,N)

Y = 21 (1 + &)
x = xp—1(1 + aey)

V(y1 | zo) = V[zo(1 +€1) | o]

_ .22
= To0pm

V(yz | o) = V[z1(1 4 €2) | xo]
= V[Io(l +Oé€1)(1 +€2) | Io}
= zg(a’oy + UM + a’oy0h) = zglePod (1 + o3y) + 03]

= 231+ a?oiy) (1 + 03y) — 1]

V(ys | wo) = V([z2(1 +£3) | 20]

[1(1 + aez)(1 +e3) | zo]

[20(1 4+ ae1)(1 + ag2)(1 + £3) | o]

)V(aal + agg + €3 + acie3 + agoez + aleies + aerenes + 1)

a?o? + o 0' —|—UM—|—a UMUM—i-a UMGM—l—oz UMUNI+()[ UMJMGM]
(14 0?)(1 4+ a?03))]

V(ye | wo) = 2§ [(1+07) (1 + a®03,)" ™" — 1]



Exercise 4.2

ETS(A,M,M)

In vector form:

£ l_1biq
by bi—1
St St—m
St—1 - St—1
| St—m+1 | | St—m~+1 |
or
where

4

bt

St
St—1

| St—m+1 |

w(xi—1) = (be—1bt—15¢—m)

Ye = Le_1bi_18¢m + &4

by =Ll 1bp1 + aer/St—m
by = b1+ Be/(st—mli—1)
8¢ = Sg—m + vt/ (li—1bi—1)

afSt—m

0

g(ri—1) =

and

Thus the recursive relationships are given by:

B/ (st—mli—1)
v/ (br—1bi—1)

a/si—m
B/(St—mli—1)
v/ (br—1be—1)

(le—1bs—1S¢—m) + 0 Yts
- . 0 -
w(@i—1)| | g@e-1)
+ )
(@) | " )’
a/St—m [0, —1b4—1]
5/(St7m€t71) be_1
’V/(thlbtfl) St—m
0 f(xtfl) = St—1
0 | St—m+1 |
r(ri—q1) =1

by =Ly _1bg1 —aly_1by_1 + s /ys
=(1—a)ly_1bi_1 + asi—m/ye

by = b1 — Bbe—1 + BYi/(5t—mli—1)
=b1 — P11+ (B/a) [l — (1 — a)ly_1bs—1] [l
=0bi1— Bbi_1+ (B/a) [l — l—1bt—1 + aly_1by 1] [l 1
=bi—1 — Bbi_1 + (B/a) +Le/li—1 + (B/a)bi—1 + Bbs 1
= (Bla)le/li—1 + (1 = B/a)bi

8¢ = St—m — VSt—m + VYt /(li—1bi—1)
= (1 = 7)st—m + 7Yt/ (le—1bt—1).

ETS(A,Md,M)

Yo = le1b]_ St + e

le = beab]_y + aer/se-m
b = bffl + Bet/(st—mli-1)
St = St—m +vet/(li—1b]_;)



In vector form:

[ Kt i _ét—lbf_l_ i Oé/St,m T [ Oé/St,m
be by, B/(st—mli-1) B/ (st—mlt—1)
St St—m 7/(ft,1bf_1) & 7/(615*11)?—1)
St—1 - St—1 o 0 (Ce—1by_1St—m) + 0 Yt,
[ St—m+1] L St—m-+1 | L 0 ] L 0 J
or
xy = | f(2i1) *g(xt—l)w Te-) +9 xt*l)yt
r(xi_1) r(ze_1)”"
where
i Zt i i Oé/St_m i —ét_lbf_l_
by B/(8t—mli—1) bf_l
St 7/(@711%71) St—m
Ty = S¢—1 g(ziq) = 0 flzi—y) = Si_1
_st*mJFl_ L 0 J L St—m~+1 |
w(xt_l) = (ét—lbf_ltst—m) and ’I"(.Z‘t_l) =1.

Thus the recursive relationships are given by:

b=l b0 | —aly 1 b? |+ ase_m/y
= (1= a)l1b{_| + ase—m/y;

b= b7y = Bb_y + Bt/ (s1-mli1)
= by = By + (B/a) [0~ (1 = a)tiab, | /00
= by = BBy + (B/0) [t — by + b iy | b
=07 = Bb] 4+ (B/a) + Lefli—1 + (B/a)b{_y + Bb],
= (B/a)ty/l—1 + (1 — B/a)b]_,

St = St—m — VSt—m + 7yt/(€t—1bf—1)
= (1= )stom + e/ (be-1b{ ).

Exercise 4.3

ETS(M,M,M)

Y = (L—1be—15t—m)(1 + &)
ly = (bi—1be—1)(1 + aey)

by = b1 (1 + Bey)

St = St—m(1 + ~yer)

In vector form:

4 _gt—lbt—l_ _a(gt—lbt—l)_ _ a/st—m i
b be_1 ﬂbtq 5/(St7m€t71)
St St—m VSt—m 7/(&711%71)
sie1 | T | se—1 | T 0 + 0 Yt
| St—m+1] | St—m+1 | i 0 i i 0 ]




or

w(zi—1)| | gl@e—1)
xy = | f(wi—1) —g(x4-1) (@) + r(a:t_l)yt
where

R [l 1by—1] [ —1by—1]

by Bbi—1 be_1

St YSt—m St—m

Ty = St—1 g(zi1) = 0 flreo1) = S¢—1
| St—m+1] . 0 ] | St—m+1 |

w(mt,l) = (gtflbtflstfm) and 7“(37t71) = (gtflbtflstfm)

Thus the recursive relationships are given by:

by =Ly _1by 1 — aly_1bs1 + ayi/St—m
=1 =a)li_1by_1 4+ ayi/st—m

by = b1 — Bbi—1 + Bys/(st—mls—1)
=bi1 — Bbi—1 + (B/a) [l — (1 — a)ly—1bs—1] /i1
=bi—1 — Bb—1 + (B/) [l — by—1by—1 + aly_1bs_1] [y
=b1—Bbr + Bla+ L /b1 + (B/a)bi—1 + Bbi_1
= (B/a)ly/li—1 + (1 = B/a)bi

8t = St—m — VSt—m + VYt /(lt—1bt—1)
= (1= )st—m + 7Yt/ (li—1bt—1)

ETS(M,Md,M)

Yy = (Zt,lbf_lst,m)(l + &)
0= (0 10?1+ cey)

by = b7 (1+ Bey)

St = St—m (1 + ver)

In vector form:

[t ] Tloaby ] Ta(bab? )] [ a/siem
bt bf—l Bb?_l 5/(5t7m£t71)
5t St VSt—m ’7/(€t71bf,1)
St—1 | St—1 o 0 + 0 Yt
[ St—m+1 | Lsi—ma1] L 0 1L 0 |
or
i w(wi-1) g(zi—1)
S A ey Ry
where
[ gt ] _a(gtflbf 1)_ _€t,1bt 1_
be Bbffl bﬁl
5t YSt—m St
T s gle-) =1 o fae) =1 5,
| St—m+1 | i 0 i E——




w(zy_1) = (l1b) 151 m) and Pz 1) = (L_1b 81-m).
Thus the recursive relationships are given by:

b= Lo 1b? | —aly_1b? |+ ayy/se—m
=(1- a)ftqbf,l + ayt/St—m
by =b{ = Bb{_ + Bye/(St—mli-1)
= by — By + (B/a) [t — (1= @)lamaby | /s
= b{_ — Bb{_, + (B/a) Vt —Labl + O‘Kt—lbfq] [l
= 0]y = By + Bla+ /by + (B/a)by_y + Bb],
= (B/a)ty/l—1 + (1 — B/a)b]_,
St = St—m — VSt—m T 'Yyt/(ét—lbf—l)
= (1= )st-m + e/ (le-1b{ )

Exercise 4.4

Local trend model

yr = (b1 + bp—1)(1 + &)
by = (b1 +bi—1)(1 + aey)
be =bi—1 4+ B(l—1 + be—1)er

U1t = E[(6r +be) (1 +441) | be, €] = £y + by
Cri1)t = Yer1 — Yeg1)e = (Lo + be)es
V(et+1|t) = (gt + bt)20'2

Utgot = El(leg1 + beg1) (1 + €42) | b, 4]
=E{[(t + b)) (1 4+ agey2) + (b + Bl + be)ert1) (1 + €r42)] | b, b}
=E{[l; + acrr1 + by + abieryr + by + biepro + Blicirr + Blicir1€ira + Bbierrrerya] | by, €1}
=0+ b+ b =Ly + 2b,

Citalt = Yt+2 — Jigop = Wli€ir1 + b1 + bigrga + Bligrrr + Bligry1€ir2 + Bbigr 18112
= (aly + aby + Bly)erir + b + (Bl + Bbe)ers1€e42

V(eiyoye) = (aly + abs + B0 4 b2o? + (BL; + Bby)*0?a?

= [(aly + aby + L) + b2 + (B, + Bby)* 0?0

Local Level Model with Drift

yr = (L1 +b)(1 + &)
ét = (gt—l + b)(l + OéEt)

Gerrje = B[(l +0) (L +ep41) | ye] = e + b
et1)t = Y1 — Gey1e = (be—1 + b)erta
E[€t+1\t]2 = (€t71 + b)20'2

Urrole = E[(ler1 +0) (1 +ery2) | ye] = E{[(€r +0)(1 + agr1) + b](1 + ery2) | ye}



=E{[(¢:+b)+ (b + b)acry1 + b(1 +et42) | v}
= E[(l; + 2b) + (£ + b)acir1 + (b + 2b)err0 + (U + b)acir16142] = b + 2b
Ct2|t = Yt+2 — §t+2|t
=a(ly +b)eri1 + (b + 2b)eryo + (b + b)aer 16442
Eletroie)® = o® (€ + b)?0” + (€ + 2b)%0° + (4 + b)*a’o?0?
=a?(l; +b)*0*(1 4+ 0?) + (¢; + 2b)*0?

Urra)e = E[(be2 +0) (1 +e143) | m4]
=E{[(¢t41+b)(1 + acey2) + (1 + ee43) | e}
= E{[(€: + 0)(1 + ageq1) + b)(1 + acrya) + b)(1 + rss) | e}
=li+b+b+b=¢+3D

€13t = Yt+3 — Y3t

= (b +b)acii1 + (L +2b)ag 1o + (£ +D)aery16i40 + (£ + 3b)erss

+ (0 + b)aciy1ers + (U + 2b)acyoeiss + (b + b) err180426043

= (b + b)2a?0? 4 (L; + 2b)%a?0? + (L + b)*a*o?0? + (£; + 3b)% 0>

+ (b +b)%a0?0% + (L, + 2b)2a20%0? + (4 + b)? oo’ 0? 0>

= (0; + )% [1 + 2002 + 0] + (0 + 2b)20%a> (1 + 02) + (¢4 + 3b)*0>

E[€t+3\t]2

Exercise 4.5

Damped trend model

Y = (le—1 + bi—1)(1 + &)
by = (by—1 + dbi—1) + ey
by = b1 + B(ls—1 + Pbi_1)er

U1t = E[(6e + obe) (1 4+ €411) | ye] = £ + @by
et = Ytr1 — Uer1e = (be + Pby)ey
Vierrp) = (b + oby)0?

Uegot = El(leg1 + dbsy1) (1 +€142) | 94
=E{[(¢: + ¢be)(1 + acir2) + ¢(dbe + B(Cr + dbe)ert1)(1 + €rq2)] [ ye}
=E{[l + agry1 + @by + dabierir + @by + ¢*bicria + Bliciir + Bligry16sa + Bdbieriiersa] | v}
=Ly + ¢by + $*by = £y + ®b(1 + ¢)

Criolt = Y42 — Jegop = lirg1 + dabieri1 + $biceio + Blicrin + Bligri1ciia + Bbicriicria =
= (aly + paby + Bly)err + O*birya + (Bl + Bdby)ers16142

V(ersor) = (aly + paby + Bly)0? + ¢*bjo” + (Bl + Boby)*0’0”

= [(aly + paby + Bly)* + ¢*b} + (Bly + Boby)’0%]0”

Exercise 4.6

The ETS(M,A,N) model is given by

yr = (bp—1 + bp—1)(1 + &)
b= (b1 + bi—1)(1 + aey)
by = b1+ B(li—1 + bi—1)ey

xy = [l ] w(Ti—1) =Lle—1 + by, r(xi—1) = L1+ b1,



F(@im1) = [l1 + b1, bi1], g(@e—1) = [@(le—1 + bi—1), B(li—1 + bi—1)]',  and

D = f(x) — g(@i)w(x:)/r(z:)
B '€t+bt] { (€t+bt)}

B L bt (gt + bt)
_ (ét-i-bt —Ozft—Fbt
a b — B(ls + by)

(1 a)(l + by) }

=Bl + (1= B)b

_ _(1 —a) (1- a)} Ftl]
| -8 (1=p)] |bi—1

Eigenvalues

| R P R i

—[(1—a)=A[1—B=N+B(1—a)=0
/\—%(2—a—ﬁi\/m>
20

So M| <liffa>0and0< B <4—

Exercise 4.7

require (expsmooth)

plot(djiclose)

x <- window(djiclosel[,"close"],start=1980)
fit <- forecast(ets(x,"MAN") ,h=50)

fit2 <- rwf(x,drift=TRUE,h=50)

par (mfrow=c(2,2))

plot(fit)

plot (£it2)

plot(residuals(fit))

plot(residuals(fit2))

The plot shows that the random walk with drift model has much smaller forecast intervals. It has under-
estimated the forecast variance because of the heterogeneous residual.



